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Abstract

In financial markets, machine learning has emerged as a powerful analytical tool assists in
efficient investment management. It has been widely utilized in the financial sector to offera
novelmechanism that aidsinvestors in making improvedinvestment and management decisions,
ultimately leading to better investment performance in their securities. This research focuses on
the implementation of, the artificial intelligence model known as Long Short-Term Memory
(LSTM) to showcase its predictive performance in forecasting stock prices in Tehran Stock
Exchange. Additionaly, contemporary metaheuristic algorithms, such as gray wolf, genetics and
PSO algorithms, were emloyed to train the model and optimize its parameters. The results
obtained from theLSTM algorithm, with parameters optimization using GA, PSO and GWO
algorithms, revealed that in most cases, the PSO algorithmyielded superior outcomes. However,
GA and GWO demonstrated comparable results, withGA outperforming GWO in certain
instances.
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